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Likely to become more frequent in
future (e.g. Meehl and Tebaldi (2004),
Science)

IPCC projects increase in extremes

Land-atmosphere interactions are a
substantial contribution (Seneviratne et
al. (2006), Nature)
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Realistically models European summer climate: Jaeger et al. (2008), Met. Z.
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Interactive SM:

ACTL: control simulation

Prescribed SM:

ASSV: lowpass filtered SM from CTL (cutoff ~10d)
AISV: lowpass filtered SM from CTL (cutoff ~100d)
AIAV: SM climatology from CTL

APWP: SM const. at plant wilting point

AFCAP: SM const. at field capacity | | |
Jaeger and Seneviratne., Clim. Dynam. (in prep.)
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Mean climate: JJA

SSV-CTL ISV-CTL |AV-CTL PWP-CTL FCAP-CTL
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3. MEAN/EXTREMES

Extremes: HWDI

HWDI = heat wave duration index:
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Extremes: HWDI
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Extremes: HWDI

Due to changes in the PDF of T,
or due to changes in persistence?
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Extremes: HWDI
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Continuous reduction in HWDI, Iikely
due to reduction in persistence

associated with a loss of SM memory

Lorenz et al., GRL (submitted)
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3. MEAN/EXTREMES

PDFs of T,

Soil moisture has a
dampening effect on
temperature
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